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CGAL: The Computational Geometry Algorithms Library
http://www.cgal.org/
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PHAT: Persistent Homology Algorithm Toolbox

https://bitbucket.org/phat-code/phat

IN=>2F7 > M
93T — SR

Birth

13



http://www.cgal.org/
https://bitbucket.org/phat-code/phat

IN=2 X2 MDD ~UE

o IEEEN—RIUCLDZPDOAYMUE

e N=RXFMX: D={x;}up (mPRODE

{x;} « &Rk - JBHIREF {(b,d) € R?|d > b}

+ PD = BEEORIELBRD pp = Ty cona O,

« PDOA—FRIIBDIAH

i wp = JkC,x)dup(x) =Y. k(- x;) € Hy, ~INUE

SIEEEER)

Oxz

Birth

e.g HIAN—FRIL X6y, = X;exp (_ ey ”2)

NI NVT AT 2% DT — I

202

_lﬁh\l_l

nJEE, PCA, CCA, etc

N—RIVERDT, JILTHETRIOETT (h—FILNYY) .

14



Persistence Weighted Gaussian Kernel :
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