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see: http://www-nlp.stanford.edu/pubs/glove.pdf
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WordNet Search - 3.1

Word to search for: cat

Display Options: | (select option to change) v || Change ]
Key: "S:" = Show Synset (semantic) relations, "W:" = Show Word (lexical) relations
Display options for sense: (gloss) "an example sentence"

Noun

* S: (n) cat, true cat (feline mammal usually having thick soft fur and no ability to roar:
domestic cats; wildcats)

S: (n) guy, cat, hombre, bozo, sod (an informal term for a youth or man) "a nice
guy"; "the guy's only doing it for some doll"; "the poor sod couldn't even buy a drink"
S: (n) cat (a spiteful woman gossip) "what a cat she is!"

S: (n) kat, khat, gat, quat, cat, Arabian tea, African tea (the leaves of the shrub
Catha edulis which are chewed like tobacco or used to make tea; has the effect of a
euphoric stimulant) "in Yemen kat is used daily by 85% of adults"

7/19



ARARDT A TT7 EHER

[ A—NR2+FHE="mERE ]

o HAMICO—/1RRDH &Y SMERE
(S FHEEDT — 5 I ICE&KTE)

e BEDQI—NRRA+FEFELY LR
o L7EBFECLI—/NRANNSWNGEICHICED

RAE  HIWRIDHERDE A EHT

/19



INETODFH~ DR E DEE
TSNS W I—RRTHBIEAE ERDTER

» Learning word representations from relational
graphs (AAAI'15)
EDWIXRTHELANBED

o Embedding semantic relations into word
representations (IJCAI'15)
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o Unsupervised cross-domain word representation
learning (ACL15)
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e similarity prediction
(book,magazine) s (book,text)
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e propotional analogy
king : man = 7?7777 : woman
Sa-b+d&aYM VEUERK
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- RG, MC, RW, SCWS, MEN ... similarity prediction
- sem, syn, total, SemEval ... propotional analogy
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o synonym ([E#:E) big — large

antonym (X 5&) old — young

hypernym (_E£7zE) building — house

hyponym (T~{I5&) house — building

holonyms (£1{&) animal — cat

« meronyms (&843) cat — animal
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Table 1: Performance of the proposed method with different semantic relation types.

[ Method [ RG | MC | RW [SCWS ]| MEN | sem [ syn [ total | SemEval |
corpus only 0.7523 | 0.6398 | 0.2708 | 0460 | 0.6933 | 61.49 | 66.00 | 63.95 37.98
Synonyms 0.7866 | 0.7019 | 0.2731 | 0.4705 | 0.7090 | 61.46 | 69.33 | 65.76 38.65
Antonyms 0.7694 | 0.6417 | 0.2730 | 0.4644 | 0.6973 | 61.64 | 66.66 | 64.38 38.01
Hypernyms 0.7759 | 0.6713 | 0.2638 | 0.4554 | 0.6987 | 61.22 | 68.89 | 65.41 38.21
Hyponyms 0.7660 | 0.6324 | 0.2655 | 0.4570 | 0.6972 | 61.38 | 68.28 | 65.15 38.30

Member-holonyms | 0.7681 | 0.6321 | 0.2743 | 0.4604 | 0.6952 | 61.69 | 66.36 | 64.24 37.95
Member-meronyms | 0.7701 | 0.6223 | 0.2739 | 0.4611 | 0.6963 | 61.61 | 66.31 | 64.17 37.98
Part-holonyms 0.7852 | 0.6841 | 0.2732 | 0.4650 | 0.7007 | 61.44 | 67.34 | 64.66 38.07
Part-meronyms 0.7786 | 0.6691 | 0.2761 | 0.4679 | 0.7005 | 61.66 | 67.11 | 64.63 38.29

o 2fi%HIIC Synonyms (AFE) #1F 5 & &£ <,
holonyms (£1&), meronyms (Z843) 4% <

L 7 B&5E D similarity prediction (RW) {235 W T
holonyms/meronyms HY 45 IZ G %0
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Table 2: Comparison against prior work.

| Method | RG | MEN | sem | syn |
RCM 0.471 | 0.501 - 29.9
R-NET - - 32.64 | 43.46
C-NET - - 37.07 | 40.06
RC-NET - - 34.36 | 4442
Retro (CBOW) 0.577 | 0.605 | 36.65 | 52.5
Retro (SG) 0.745 | 0.657 | 4529 | 65.65
Retro (corpus only) 0.786 | 0.673 | 61.11 | 68.14
Proposed (synonyms) | 0.787 | 0.709 | 61.46 | 69.33
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